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MOTIVATION EVALUATION AND ANALYSIS ON SUN-397 GENERALIZATION TO OTHER TASKS AND DATASETS
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UNDERSTANDING OF FINE-TUNING PROCEDURES
image ground truth e Topology of feature spaces : t-SNE feature visualization A SINGLE UNIVERSAL HIGHER CAPACITY MODEL?
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Jointly Depth and Width Augmented Network (DWA-CNN) Recursively Width Augmented Network (WWA-CNN)

e Continual transfer across multiple tasks
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e Increasing model capacity significantly helps existing units better adapt and specialize to the target task.

e Newly added units should have a pace of learning that is comparable to the pre-existing units.

An FC, unit —  GalE™ e Pl aemtighpits  BINCL DL oLl o e A developmental view of CNN optimization, where model capacity is progressively grown throughout a lifelong learning,
/IR, v =k process when learning from continuously evolving data streams and tasks.




